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O V E R V I E W

Executive Summary

The legal profession is deploying AI tools that produce errors at rates that would demand

formal risk mitigation in any comparable regulated domain—and simultaneously

dismantling the training structures through which lawyers learn to catch those errors.

In 2024, a preregistered study by Stanford’s Regulation, Evaluation, and Governance Lab—still the

only independent, peer-reviewed evaluation of commercial legal AI tools as of early 2026—found

that even the best tools hallucinate at rates ranging from seventeen to thirty-four percent of queries.

The best-performing tool, Lexis+ AI, hallucinated on at least one in six queries; Westlaw’s AI-

Assisted Research hallucinated at nearly double that rate: one in three (Magesh et al., 2024).

Vendors claim significant improvements since; a separate Vals AI benchmark in October 2025

found legal AI tools achieving seventy-eight to eighty-one percent accuracy under different

methodology. But no academic replication under the Stanford study’s rigorous conditions has been

published, and meanwhile real-world hallucination cases documented by Charlotin’s database have

grown from 486 to nearly 1,000, arriving at two to three per day. These tools are being deployed at

scale—in-house adoption doubled between 2024 and 2025, and seventy-nine percent of legal

professionals now report using AI in some capacity.

Meanwhile, the profession faces a structural problem that runs deeper than hallucination rates.

Legal AI tools are absorbing the very tasks—document review, legal research, contract analysis,

due diligence—through which junior lawyers have historically developed the judgment to supervise

legal work. The profession is proposing to maintain quality through human oversight while

simultaneously eliminating the training ground that produces competent overseers. This is the

Competence Paradox, as documented in Thirty Years Is Too Long: The Competence Paradox

(IdeaJetLab, 2026), applied with particular force to a profession where errors carry consequences

defined by law: sanctions, malpractice liability, harm to clients, and failures of justice.

The regulatory environment has taken notice. Article 4 of the EU AI Act, in force since February

2025, requires that organizations deploying AI systems ensure, to their best extent, a sufficient level
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of AI literacy among staff. For law firms—which both deploy AI tools and advise clients on AI

compliance—this creates a unique accountability loop: the profession that interprets AI regulation

must first demonstrate its own compliance with it. The irony is not lost on regulators.

The insurance market is pricing the risk. Between January 2025 and January 2026,

professional liability insurers began a structural shift from silent AI coverage toward explicit

affirmative warranties or absolute exclusions. Early indicators—documented through insurer

commentary and advisory publications rather than comprehensive actuarial reporting—suggest

that firms without documented AI governance protocols face the growing prospect of malpractice

claims that fall outside their coverage entirely.

This paper maps the Competence Paradox across the full legal profession—not just

courtroom advocates, but in-house counsel, compliance officers, contract managers, legal

operations professionals, and paralegals. It traces the threat to the legal apprenticeship model

across jurisdictions, examines the emerging liability landscape, and applies the Twin Ladder

framework to legal practice. The framework offers an open, structured approach to building AI

competence at every level of legal work, from Article 4 compliance baseline through to the

deliberate redesign of legal training for an AI-augmented profession.

The tools are already here. The question is whether the profession that prides itself on due

diligence will exercise any on itself.
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Prologue
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The brief arrived on a Thursday afternoon. Margaret Chen—twenty-three years at

the bar, twelve as a partner—had asked her senior associate to draft a motion to

dismiss. The associate had used an AI research tool. This was not unusual; most of

the firm’s associates had been using one for the past eighteen months. The brief was

well-structured, properly formatted, and cited seven cases that supported the

argument with precision.

Margaret skimmed it. She did not read the cases themselves. She had stopped doing

that around the time the AI tools got good enough to make it feel unnecessary. The

brief went out.

Three weeks later, opposing counsel filed a response that contained a single

devastating sentence: “Respondent was unable to locate Henderson v. Pacific

Marine Industries (9th Cir. 2019) in any legal database.”

The case did not exist. The AI had fabricated it, complete with a plausible docket

number, a realistic procedural history, and a quotation that sounded exactly like

something the Ninth Circuit would say. Margaret’s associate had not verified it. But

that was not the real problem.

The real problem was that Margaret had not caught it. Not because she was careless,

but because she had gradually stopped reading cases with the same attention she

once had. The AI did the research. The AI found the authorities. Margaret reviewed

the arguments. Somewhere in the past eighteen months, “review” had quietly

become “approve.”

She did not know when she had crossed that line. That was the most unsettling part.

A composite scenario drawn from documented patterns.

This scenario is a composite drawn from patterns documented in hundreds of court cases globally

—Charlotin’s continuously updated database alone catalogues nearly 1,000 cases across twelve
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countries, with broader tracking efforts identifying additional instances—in which AI-generated

legal filings contained fabricated citations, invented authorities, or materially incorrect legal

reasoning (Charlotin, 2025). The details change. The structure does not. A lawyer uses an AI tool.

The tool produces something that looks right. The lawyer’s verification becomes less thorough over

time—not through negligence, but through the entirely human process of calibrating effort to

perceived reliability. The system appears to work. And then, one day, it does not.

What follows is not a paper about AI failure. The tools will get better. Hallucination rates will decline.

Retrieval systems will improve. What follows is about a more durable problem: what happens to the

human capacity for legal judgment when intelligent systems absorb the tasks through which that

judgment has historically developed. The hallucinations are the visible symptom. The erosion of

competence is the disease.
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C H A P T E R  O N E

The Citation That Never Existed
The visible problem

I.

On a spring day in 2023, attorneys Steven Schwartz and Peter LoDuca filed a legal motion in the

Southern District of New York that would become the founding case of the legal AI hallucination

era. Their client was suing Avianca Airlines for personal injury. The motion cited six cases that

supported the plaintiff’s position. The cases were compelling, well-reasoned, and entirely fictitious.

ChatGPT had generated them. When the court could not locate the cited authorities, the attorneys

did something remarkable: they asked ChatGPT whether the cases existed. ChatGPT assured

them, with perfect confidence, that the cases “indeed exist” and “can be found in reputable legal

databases such as LexisNexis and Westlaw.” The attorneys submitted these assurances to the

court.

Judge P. Kevin Castel did not find this persuasive. The motion containing the fabricated citations

was struck. Both attorneys were sanctioned five thousand dollars each under Federal Rule of Civil

Procedure Rule 11, with Judge Castel finding they had acted with “subjective bad faith.” They were

ordered to send individual letters to each judge falsely identified as the author of the fabricated

opinions (Mata v. Avianca, Inc., No. 22-cv-1461, S.D.N.Y., 2023).

Mata v. Avianca was embarrassing, and it was quickly treated as a cautionary tale—the kind of

thing that happens to lawyers who do not know what they are doing. That framing was comforting.

It was also wrong. What Mata v. Avianca actually demonstrated was the first visible instance of a

systemic problem: AI tools that produce outputs indistinguishable from genuine legal work, used by

lawyers whose verification capacity is not calibrated to the tools’ failure modes.
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II.

The framing of Mata v. Avianca as an outlier lasted approximately eighteen months. By mid-2025,

Damien Charlotin, a French legal researcher, had catalogued over 700 cases in a continuously

growing database—a figure that has since risen to nearly 1,000 by early 2026 tracking AI-

generated legal hallucinations globally. The cases spanned twelve countries: the United States,

Israel, the United Kingdom, Canada, Australia, Brazil, the Netherlands, Italy, Ireland, Spain, South

Africa, and Trinidad and Tobago. The rate was accelerating. “Before this spring in 2025, we maybe

had two cases per week,” Charlotin reported. “Now we’re at two cases per day or three cases per

day.”

The sanctions were escalating in parallel. A California attorney was fined ten thousand dollars after

twenty-one of twenty-three case quotations in a filing proved to be fabricated. A Colorado attorney

received a ninety-day suspension for failing to verify AI output. In the MyPillow litigation, attorneys

were fined three thousand dollars each for “more than two dozen mistakes” in an AI-generated

filing. These were not fringe practitioners. They were credentialed professionals using tools that

their firms had approved, working at a pace that their billing targets demanded.

The problem is not that lawyers are careless. The problem is that

the tools produce outputs that are specifically designed to look

indistinguishable from correct legal work—and they succeed at

this even when the underlying content is fabricated. 

III.

In 2024, Stanford’s Regulation, Evaluation, and Governance Lab published the first preregistered

empirical evaluation of commercial legal AI tools in the Journal of Empirical Legal Studies. The

findings were sobering.
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TOOL
HALLUCINATION

RATE

ACCURATE

RESPONSES
NOTES

Lexis+ AI 17%+ 65% Best-performing

commercial tool

Westlaw AI-

Assisted

Research

34%+ Not reported Double the rate of

Lexis

Ask Practical

Law AI

17%+ 18% Low accuracy despite

moderate hallucination

rate

GPT-4 (no

RAG)

69%+ Baseline Without legal-specific

retrieval augmentation

The study identified two distinct failure modes, and the distinction matters. The first was incorrect

responses: the AI described the law wrong. This is the failure mode that most people think about

when they hear “hallucination.” The second was misgrounded responses: the AI described the

law correctly but cited sources that did not support the claim. This second mode is more insidious.

The legal analysis reads as accurate. The citations exist and are real cases. But the cases do not

stand for the propositions attributed to them. A lawyer reviewing the output for superficial accuracy

—does this case exist? does this reasoning make sense?—could pass over a misgrounded

response without detecting the error. Only a lawyer who reads the actual cited authorities and

confirms that they support the specific claim will catch it.

The Stanford researchers noted that manual verification of each response was “extraordinarily time

consuming.” This is the practical bind. The tools are adopted precisely because they save time. The

verification that makes them reliable negates much of the time saved.

A necessary caveat: the Stanford study tested tools as they existed in May 2024, and vendors have

made significant investments since. LexisNexis launched its Protégé agentic AI platform in August

2025; Thomson Reuters launched CoCounsel Legal the same month, claiming “human-level work

product”; Harvey AI reports an internal hallucination rate of 0.2 percent on its proprietary BigLaw

Bench. A separate benchmarking study by Vals AI in October 2025, testing tools as of July 2025,
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found legal AI achieving seventy-eight to eighty-one percent accuracy on legal research tasks—

outperforming human lawyers at seventy-one percent, though using different methodology and task

types than the Stanford study.

These are encouraging signals. But none of this vendor-reported or differently-scoped data

constitutes an independent, peer-reviewed replication of the Stanford findings. No academic study

published through early 2026 has retested the same tools under the same conditions. Meanwhile,

the real-world evidence runs in the opposite direction: Charlotin’s database has grown from 486

documented cases at mid-2025 to nearly 1,000 by early 2026, with filings arriving at two to three

per day. The tools may be getting better. Lawyers’ verification practices, evidently, are not keeping

pace. The profession is relying on vendor claims of improvement without independent verification—

which is itself an illustration of the competence gap this paper describes.

The arithmetic of hallucination: At a seventeen-percent hallucination rate, a

lawyer making five research queries per day encounters approximately one

hallucinated response daily. A twenty-lawyer firm doing moderate AI-assisted

research generates dozens of potentially hallucinated results every week. Any one

of them could become a sanctions motion, a malpractice claim, or a bar complaint.

The question is not whether hallucinations will cause harm. It is how much harm

they will cause before the profession’s verification practices catch up to its adoption

rate.

IV.

One additional finding from the Charlotin database deserves particular attention. In a 2025

California case, a court denied attorneys’ fees partly because opposing counsel had failed to detect

fabricated citations in their opponent’s brief. Read that sentence again: a lawyer was penalized not

for submitting hallucinated content, but for failing to identify hallucinated content in the other side’s

filing.

This represents a potential expansion of professional responsibility that the profession has not yet

fully absorbed. If courts begin to require that lawyers can identify AI hallucinations in opposing

filings—not just their own work—the competence bar rises dramatically. You must not only verify

your own AI-generated research. You must be able to evaluate whether your opponent’s citations
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are real. This requires, at minimum, the legal knowledge to recognize when a case citation seems

implausible, and the research skill to verify it. These are precisely the capabilities that the

Competence Paradox threatens to erode.

The vendor landscape compounds the problem. Thomson Reuters initially denied the Stanford

researchers access to Westlaw’s AI tool, criticized their methodology, and then granted access—

whereupon Westlaw performed worse than the initial estimates. No major legal AI vendor publishes

hallucination metrics prominently. Marketing claims of “hallucination-free” or “near-perfect

accuracy” are contradicted by the only independent, peer-reviewed study conducted to date. The

profession that advises clients to verify vendor claims is not, on the whole, verifying the claims of its

own vendors.
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C H A P T E R  T W O

The Invisible Problem
The competence paradox applied to law

I.

Hallucinations are the problem you can see. They produce sanctions, generate headlines, and

create measurable liability. But they are not the core problem. The core problem is slower, quieter,

and considerably more dangerous: the gradual erosion of legal judgment in lawyers who rely on AI

tools to perform the work that built that judgment in the first place.

In 1983, Lisanne Bainbridge published a paper titled “Ironies of Automation” in the journal 

Automatica. It has accumulated over 4,700 citations—making it one of the most referenced papers

in the history of human factors research. Its central observation, refined over four decades of

subsequent research, is this: automated systems that perform tasks reliably degrade the human

capacity to perform those tasks manually. When the automation fails—and all automation

eventually fails—it fails into the hands of humans who are less competent than they were before

the automation was introduced. The system demands human intervention precisely at the moments

when humans are least prepared to provide it, because the automation has removed the practice

that builds preparedness.

Bainbridge was writing about industrial process control. But her ironies map to the legal profession

with an almost structural precision.

© 2026 IdeaJetLab • alex@ideajetlab.com 13



Bainbridge’s Ironies, Applied to Legal Practice:

Irony 1: The designer of the automated system expects the human operator to

monitor the system and intervene when it fails. But monitoring a system that works

reliably most of the time is one of the most cognitively demanding tasks possible.

Vigilance degrades over time. In legal practice: a lawyer reviewing AI-generated

research that is correct eighty-three percent of the time will, over months, calibrate

their attention to that reliability level. When the seventeenth-percent failure arrives,

the lawyer’s detection capacity has been dulled by months of correct outputs.

Irony 2: The most skilled operators are the ones most likely to be reassigned or

underutilized, because the automation handles the tasks that required their skill.

Their expertise atrophies through disuse. In legal practice: the senior associates

and partners who could catch AI errors are the ones whose daily practice

increasingly consists of reviewing AI output rather than doing the underlying work.

The verification capacity erodes in the people the profession depends on most.

Irony 3: Automation is typically introduced for tasks that humans find difficult or

error-prone. But these difficult tasks are precisely the ones that build expertise.

Removing them from human practice removes the training ground. In legal

practice: document review, legal research, due diligence—the tasks that AI

performs most effectively—are the tasks through which lawyers develop pattern

recognition, risk sensing, and contextual judgment.

© 2026 IdeaJetLab • alex@ideajetlab.com 14



Counter-argument: “Human-in-the-loop is working fine”

The most common objection from practicing lawyers will be the simplest: “I use

AI every day and I catch errors all the time. The system works because

experienced lawyers verify the output.” This is the lived experience of most senior

practitioners currently using AI tools, and it is genuine.

The response is not that they are wrong. It is that the Competence Paradox is not

about them. Current senior lawyers developed their judgment through years of

manual legal work before AI arrived. They have the baseline. They can catch

errors because they spent a decade learning what correct legal reasoning looks

like. The question the Competence Paradox asks is: where does the next

generation of “experienced lawyers who catch errors” come from, if AI performs

the work through which that experience was built? Human-in-the-loop works

today because today’s humans were trained in a pre-AI pipeline. It is the pipeline,

not the loop, that is at risk.

II.

The most direct empirical parallel comes from medicine. In 2025, a study published in The Lancet

Gastroenterology and Hepatology documented what happened when an AI polyp-detection system

was temporarily removed from clinical use. Gastroenterologists who had worked with the AI system

for eighteen months saw their adenoma detection rates fall by twenty-one percent (Budzyn et al.,

2025). They had not become worse doctors in any obvious sense. They had stopped practicing the

perceptual skills that the AI had been performing for them. When the AI was removed, the skills

were no longer there.

Consider the parallel. A gastroenterologist looks at a colonoscopy image and identifies an

abnormality. This requires years of training: thousands of images, hundreds of procedures, the

gradual development of an ability to see what a layperson’s eye would miss. An AI tool assists the

process. The tool highlights potential abnormalities. The doctor confirms or overrides the tool’s
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suggestions. Over eighteen months, the doctor’s own detection capacity—the perceptual skill built

through years of practice—degrades by twenty-one percent.

Now consider a lawyer reviewing contracts for risk clauses. This also requires years of training:

hundreds of contracts, exposure to disputes that arose from poorly drafted provisions, the gradual

development of an ability to sense risk that a junior lawyer would miss. An AI tool reviews the

contracts. The tool highlights potential risks. The lawyer confirms or overrides the tool’s

suggestions. Over eighteen months—what happens to the lawyer’s own risk-sensing capacity?

We do not know. The study has not been done. And the absence of that study is itself part of the

problem. The legal profession is deploying AI tools at scale without any empirical measurement of

their effect on the human capabilities the profession depends on. We have a Lancet study for

gastroenterology. We have NASA studies for aviation. We have no equivalent for law.

The profession is conducting an uncontrolled experiment on its

own competence, without a baseline measurement, without a

control group, and without a protocol for detecting whether the

experiment is failing. 

III.

The Competence Paradox, as documented in Thirty Years Is Too Long (IdeaJetLab, 2026), draws

on Robert Bjork’s research on desirable difficulties: the finding that effortful, challenging learning

produces dramatically better retention than easy acquisition. Interleaving yields sixty-three percent

retention compared to twenty percent for blocked practice. Retrieval practice outperforms passive

review. The difficulty is not an obstacle to learning. It is the mechanism of learning.

Legal training has always been built on desirable difficulties, even if the profession never used that

term. A junior associate researches a legal question by reading cases, following citation chains,

encountering dead ends, backtracking, refining search terms, and ultimately developing an
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understanding not just of the answer but of the landscape in which the answer sits. The process is

slow. It is sometimes frustrating. It builds durable competence.

When AI performs the research, it delivers the answer without the journey. The associate receives

a well-structured analysis with supporting authorities. The associate learns what the law says. The

associate does not learn how to find the law, how to evaluate whether the sources are reliable, how

to recognize when an argument that appears sound is actually built on a weak foundation, or how

to sense the difference between a case that is good law and one that has been distinguished into

irrelevance. These are not luxury skills. They are the skills that make a lawyer capable of catching

the seventeenth-percent error.

The paradox is exact: the profession needs humans who can evaluate AI legal output. Evaluating

AI legal output requires the legal judgment that comes from doing legal work manually. AI performs

the manual legal work. The capacity to evaluate it degrades. The profession depends on

competence that its current trajectory does not produce.
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C H A P T E R  T H R E E

When Competence Becomes Compliance
Article 4 and the regulatory reckoning

I.

On 2 February 2025, Article 4 of the EU AI Act entered into force. Its language is measured, but its

implications for the legal profession are not:

“Providers and deployers of AI systems shall take measures to ensure, to their best

extent, a sufficient level of AI literacy of their staff and other persons dealing with the

operation and use of AI systems on their behalf, taking into account their technical

knowledge, experience, education and training and the context the AI systems are to be

used in, and considering the persons or groups of persons on whom the AI systems are

to be used.”

The EU AI Act defines AI literacy as “skills, knowledge and understanding that allow providers,

deployers and affected persons, taking into account their respective rights and obligations in the

context of this Regulation, to make an informed deployment of AI systems, as well as to gain

awareness about the opportunities and risks of AI and possible harm it can cause.”

For every other industry, Article 4 is one compliance requirement among many. For the legal

profession, it creates something unique: a regulatory obligation for lawyers to be competent in the

very technology they are adopting at the fastest rate in the profession’s history. The profession that

interprets AI regulation for its clients must first comply with AI regulation itself.

© 2026 IdeaJetLab • alex@ideajetlab.com 18



II.

The enforcement timeline is not abstract.

DATE MILESTONE RELEVANCE TO LEGAL PROFESSION

2 February

2025

Article 4 enters into

force

AI literacy obligation now applies to all law

firms deploying AI

2 August

2025

National implementing

laws due

Member States must adopt enforcement

measures and sanctions

2 August

2025

Civil liability exposure

begins

Firms face liability if untrained staff cause

harm via AI

2 August

2026

Full enforcement

begins

National market surveillance authorities

supervise compliance

The consequences of non-compliance are not limited to direct fines. While Article 4 does not carry

its own specific penalty, non-compliance with AI literacy requirements is treated as an aggravating

factor when calculating penalties for other AI Act violations—violations that carry administrative

fines of up to thirty-five million euros or seven percent of worldwide annual turnover for the most

serious categories. Article 4 non-compliance functions as a multiplier on these penalties rather than

triggering its own independent fine. More immediately, from August 2025, civil liability attaches

when untrained staff cause harm through AI use. For law firms, this means that if an associate

submits a filing containing AI-generated hallucinations, and the firm cannot demonstrate that the

associate received adequate AI literacy training, the firm’s liability position is significantly worse

than if the error had been purely human.

The extraterritorial scope compounds the obligation. Article 4 applies to any organization serving

EU markets, regardless of where it is headquartered. A US law firm with EU clients deploying AI for

EU-related work is subject to Article 4. A UK firm advising on EU regulatory matters post-Brexit is

subject to Article 4. The regulation follows the client, not the office.
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III.

The Centre for Information Policy Leadership published detailed best practices for Article 4

compliance in May 2025. Their framework identifies seven elements of an AI literacy program:

leadership and oversight; risk assessment; policies and procedures; transparency; training and

awareness; monitoring and verification; response and enforcement. “Top-down sponsorship” is

identified as foundational—leadership buy-in is not optional but prerequisite (CIPL, 2025).

Latham & Watkins, in their analysis, emphasizes two practical points. First, firms have “significant

flexibility” in designing their training programs. Second—and this is the critical point for managing

partners reading this paper—documentation is essential. A firm that has conducted AI literacy

training but cannot evidence it is, for regulatory purposes, a firm that has not conducted training.

The compliance obligation is not merely to act. It is to document that you have acted.

Article 4 creates the first global regulatory mandate that makes

AI literacy a legal obligation for the legal profession itself. The

lawyers who advise clients on AI compliance must first

demonstrate their own. 

IV.

The irony deepens when you consider what Article 4 compliance actually requires in a legal

context. It is not enough to offer a one-hour webinar on “AI in the workplace.” The regulation

requires that the level of literacy be proportionate to the context. A lawyer using AI for legal

research that directly affects client outcomes requires deeper AI literacy than an office

administrator using a chatbot for scheduling. This means understanding hallucination rates,

recognizing the failure modes identified in the Stanford study—including that misgrounded

responses, in which the legal analysis appears correct but the cited authorities do not support the

claims attributed to them, represent a particularly insidious failure mode requiring verification
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beyond surface-level case checking—and maintaining the capacity to verify AI output against

primary sources.

In other words, Article 4 compliance for legal professionals requires precisely the skills that the

Competence Paradox threatens to erode. The regulation mandates AI literacy. The current

trajectory of AI adoption undermines it. The legal profession is caught in a compliance loop: the

more it relies on AI, the harder Article 4 compliance becomes, because the competence that Article

4 requires is the competence that uncritical AI reliance degrades.

Across the Atlantic, the regulatory picture is fragmented but trending in the same direction. The

American Bar Association issued Formal Opinion 512 in July 2024—its first formal ethics guidance

on generative AI—requiring lawyers to “fully consider their applicable ethical obligations” when

using AI tools, including competence, confidentiality, communication, and reasonable fees.

Pennsylvania mandates explicit disclosure of AI use in all court submissions. Hawaii and Nebraska

require disclosure across their entire federal districts. Twelve states have court-dependent AI

disclosure requirements. The direction is unmistakable, even if the pace varies by jurisdiction.

In England and Wales, the Solicitors Regulation Authority has not yet issued formal AI-specific

guidance equivalent to the ABA’s Formal Opinion 512. However, the SRA’s existing Principles and

Codes of Conduct—particularly the duty to act with competence (Principle 2) and the obligation to

maintain the trust the public places in the provision of legal services—apply to AI-assisted work by

the same logic that underpins the ABA’s Model Rule 1.1 analysis. UK solicitors using AI tools are

not operating in a regulatory vacuum; they are operating under existing competence standards that

regulators have not yet had occasion to apply explicitly to AI-generated work product.

The regulatory double bind: Law firms are in the unique position of being both

the deployers of AI systems (using legal AI tools in practice) and the advisors to

other deployers (counseling clients on AI Act compliance). A firm that cannot

demonstrate its own compliance with Article 4 faces an uncomfortable question

from clients: if you have not achieved AI literacy for your own staff, how are you

qualified to advise us on achieving it for ours?
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C H A P T E R  F O U R

The Apprenticeship Under Siege
The pipeline break

I.

The legal profession has trained its practitioners through apprenticeship for centuries. The specifics

vary by jurisdiction, but the structure is remarkably consistent: a period of supervised practice in

which a junior lawyer learns by doing work under the guidance of a senior lawyer. In England and

Wales, this is the training contract—two years of seat rotations across practice areas. In the United

States, it is the associate track—seven to ten years of progressively complex work leading to

partnership. In Continental Europe, it is the stage or Referendariat. In Canada, articling. In

Australia, supervised legal training.
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JURISDICTION
TRADITIONAL

MODEL
DURATION

CORE TRAINING

METHOD

UK (England &

Wales)

Training contract /

articles

2 years Seat rotations across

practice areas

United States Associate track

(BigLaw)

7–10 years to

partnership

Document review,

legal research,

drafting

Continental

Europe

Stage /

Referendariat

1–2 years Court and practice

placements

Canada Articling 10 months Supervised practice

Australia Supervised legal

training

18–24 months Practical legal

training

In all of these models, the training ground consists of tasks that AI now performs: document review,

legal research, due diligence, contract analysis, memorandum drafting. These are not

administrative overhead. They are the mechanism through which legal judgment develops. A junior

lawyer who spends three years reviewing contracts does not merely learn what contracts contain.

They develop pattern recognition for risk clauses, an instinct for what “normal” looks like, and the

ability to sense when something is wrong before they can articulate what. This tacit knowledge—

the kind that transfers through proximity, mentorship, and doing the work—is what separates a

competent lawyer from a technically qualified one.

II.

The current data does not show a collapse in legal hiring. Eighty-two percent of 2024 US law

graduates secured positions requiring bar admission—a two-point increase from the previous year.

Law firm employment grew thirteen percent. By the numbers, the profession is absorbing

graduates at healthy rates (NALP, 2025).
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But the numbers conceal a qualitative shift that the profession has only begun to reckon with.

Seventy-eight percent of firms that continue to hire junior associates report “increased emphasis on

technological literacy and data analysis skills” during hiring, compared to just twenty-three percent

five years earlier. The work that associates are hired to do is changing. The question is whether the

work they are being given still builds the judgment the profession requires.

Counter-argument: “AI will free juniors for higher-order work”

The standard response to the training-ground concern is that AI will free junior

lawyers from drudgery, allowing them to focus on higher-value tasks. There is

partial truth in this. Contract review AI that flags risks can free a lawyer to focus

on negotiation strategy. Legal research AI that surfaces candidates can free a

lawyer to focus on argument construction.

The catch is that “freed for higher-order work” assumes the capacity for higher-

order work already exists. If the lawyer never developed foundational judgment

through manual practice, being “freed” for judgment work means being placed in

a role they are not equipped to fill. This is not liberation. It is exposure.

The framing matters: AI can accelerate legal development, but only if training is

deliberately redesigned to preserve the desirable difficulties that build judgment.

The tool is not the problem. The absence of deliberate learning design is.

III.

The traditional path works like this: a junior lawyer spends three to five years doing document

review. Through that work, the lawyer develops pattern recognition for risk clauses. The lawyer

learns what “normal” contracts look like and can therefore spot anomalies. The lawyer develops

judgment about when contracts are dangerous—not from a checklist, but from having seen

hundreds of contracts and remembering the ones that led to disputes.

The AI-augmented path looks like this: AI performs the document review. The junior lawyer reviews

the AI’s output. But without having built the baseline—without having developed pattern recognition
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through thousands of manual encounters with contracts—the junior lawyer cannot evaluate

whether the AI’s analysis is correct. The supervision capability that the profession depends on

cannot develop in people who never did the work that builds supervision capability.

This is not speculation about a distant future. It is a structural analysis of a transition that is already

underway. As one commentator put it: “When junior work dries up, you have to have a more formal

way of teaching than hoping that an apprenticeship works.”

In five years, a senior associate will be expected to supervise AI-

generated legal research and contract analysis. This person was

a junior associate today. If AI performed the research and

analysis during their junior years, where did the supervisory

competence come from? 

IV.

Harvard Law School has begun to respond. The school now requires a minimum of six credits in

experiential learning courses and has launched specialized offerings including “CS50 (and AI) for

Lawyers” and “AI and the Future of Law.” Joan Howarth, writing for the Harvard Center on the Legal

Profession, proposes the term “clinical residency”—borrowing from medicine’s model—rather than

traditional “apprenticeship,” suggesting a formal supervised clinical stage with a training certificate.

But Harvard is largely alone among major institutions. No coordinated profession-wide training

reform has been initiated to address the training-ground problem across the hundreds of law

schools and thousands of continuing legal education programs that serve the broader profession.

Isolated institutional responses, however commendable, do not constitute a systemic answer to a

systemic problem.

The medical analogy is apt and revealing. Medicine faced a comparable moment a century ago,

when the Flexner Report (1910) transformed medical education from loosely supervised

apprenticeships into structured clinical residencies with defined competency milestones. The legal
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profession may need its own Flexner moment: a systematic reckoning with how practitioners are

trained when the traditional training ground no longer exists in its historical form.

Institutional responses also take time. Harvard’s curriculum changes affect the next generation of

law graduates. They do not address the current generation of junior associates whose training is

already being reshaped by AI deployment, or the senior lawyers whose supervisory skills are

already being eroded by reduced direct engagement with legal research and analysis.

The tacit knowledge problem is the hardest to address because it is the hardest to see. Tacit

knowledge in legal practice—reading a contract and sensing risk, understanding from the tone of

opposing counsel’s email that settlement negotiations are about to break down, remembering that

a particular judge dislikes footnotes or that a particular regulator responds better to proactive

disclosure—transfers through observation, through doing, and through supervised failure. Among

the learning and development tools available to the profession, mentoring is one of the most

productive for junior lawyer development. But lawyers typically have “little incentive or motivation to

share their knowledge,” some resisting changes to established work methods and “perceiving

knowledge sharing as time-consuming or potentially diminishing their expertise” (ABA Business

Law Today, 2020). AI acceleration of work reduces the time available for precisely these

interactions. Remote and hybrid work—already shown to reduce cross-group collaboration by

approximately twenty-five percent (Yang et al., 2021)—compounds the problem.

The result is a compounding erosion. AI absorbs the training-ground tasks. Remote work reduces

the informal interaction through which tacit knowledge transfers. The economics of legal practice

create pressure to deploy AI for maximum efficiency rather than maximum development. Each

force is manageable in isolation. Together, they threaten a pipeline break: a generation of lawyers

who are technologically fluent but professionally thin.
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C H A P T E R  F I V E

Beyond the Courtroom
The full profession

I.

The discussion of AI in legal practice tends to focus on courtroom lawyers—the advocates who file

motions, argue cases, and face sanctions when filings contain errors. This is natural. Sanctions are

visible. Malpractice suits make headlines. Judicial opinions are public documents. But the

courtroom represents a fraction of the legal profession. The Competence Paradox affects every

layer of legal work, and some of the most consequential impacts are occurring in roles that never

see the inside of a courtroom.
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ROLE AI IMPACT AREA
COMPETENCE PARADOX

APPLICATION

Litigation

attorneys

Legal research, brief drafting,

case analysis

Hallucination risk, training

ground loss

Transactional

attorneys

Contract drafting, due

diligence, deal structuring

Pattern recognition erosion, risk

sensing loss

In-house counsel Contract management,

compliance, risk assessment

Vendor oversight atrophy,

contextual judgment loss

Compliance

officers

Regulatory monitoring, policy

development

Regulatory interpretation

judgment erosion

Contract

managers

CLM systems, vendor

management, renewal

tracking

Anomaly detection skill decay

Legal operations Process optimization,

technology deployment

Understanding of what the

technology is actually doing

Paralegals Document preparation, filing,

research support

Foundation-level legal

knowledge development

II.

The in-house legal department presents the clearest data on adoption velocity. Generative AI

adoption in in-house legal departments doubled in a single year: from twenty-three percent in 2024

to fifty-two percent in 2025, according to the Association of Corporate Counsel. Fifty-six percent of

in-house departments are using general-purpose AI tools—ChatGPT, Claude, and their

equivalents. Only fourteen percent have deployed specialized legal AI. Thirty-eight percent report

daily AI use. Seventy-three percent plan significant increases in AI investment over the next three

years.
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And yet: forty percent of corporate legal departments report no AI use at all. The profession is not

splitting along a single adoption curve. It is fracturing into parallel realities. Half the profession is

deploying AI at accelerating rates, largely without formal training programs. The other half has not

started. Neither position is sustainable.

The adopters face the Competence Paradox directly: their people are using tools they may not fully

understand, at rates that outpace their verification practices. The non-adopters face a different

problem: competitive disadvantage, productivity gaps, and—increasingly—an inability to attract

talent that expects AI-augmented work.

The transparency gap: In-house counsel lack clarity on how their external law

firms are using AI. According to the ACC, there is a growing “transparency gap”

between in-house legal departments and their outside counsel regarding AI

deployment. An in-house team may believe it is paying for human legal judgment

when it is actually receiving AI-augmented work that has not been disclosed as

such. The implications for client relationships, billing disputes, and duty-of-

competence obligations are only beginning to be explored.

III.

The compliance officer faces what might be called a double Competence Paradox. First, they

must ensure their organization complies with AI regulations—including Article 4. Second, they must

use AI tools to manage the growing volume of regulatory requirements, because the volume

exceeds what any human team can monitor manually. Their own AI literacy determines whether

they can fulfill the first obligation. Their reliance on AI for the second obligation may erode the

judgment needed for the first.

This is not a theoretical construct. Regulatory compliance is already the number-one challenge

reported by in-house counsel in 2025 (LexisNexis). The volume of regulatory change—across

jurisdictions, across domains, across the cascading implementation of the EU AI Act, the Digital

Services Act, and their national implementing laws—creates genuine pressure to deploy AI for

monitoring and triage. But a compliance officer who relies on AI to flag relevant regulatory changes
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without understanding the underlying regulatory landscape cannot evaluate whether the AI has

missed something. And in compliance, what you miss is what matters.

IV.

Paralegals and legal assistants may be the most exposed and least discussed segment of the

profession. They perform much of the foundational legal work that AI targets directly: document

review and organization, legal research assistance, case file management, court filing preparation,

client intake. These tasks are both the most immediately automatable and the traditional entry point

for non-law-degree legal careers.

The competence pipeline for paralegals is arguably more threatened than the associate track,

because there is less institutional momentum to protect it. Large law firms have economic

incentives to preserve the associate model (associates generate billable hours, and partner-track

progression is a recruitment tool). There is no equivalent economic incentive to preserve the

paralegal training ground. The pressure is to automate the tasks, capture the efficiency gains, and

not ask what happens to the people who were learning from those tasks or the pipeline of

competence they represented.

The access-to-justice dimension adds a layer. Eighty-eight percent of legal aid professionals see AI

as key to improving access to justice, according to a survey conducted by Everlaw, an AI-powered

litigation platform—a finding that, while potentially influenced by the surveyor’s market position, is

consistent with broader access-to-justice advocacy. Legal aid organizations are adopting AI at

twice the rate of the wider profession. This is a genuinely promising development—if the AI works

reliably. At a seventeen-percent hallucination rate, democratized access means democratized risk.

The people with the least access to verification resources—pro se litigants, under-resourced

community legal clinics, legal aid organizations operating at capacity—are the most exposed to AI

errors.
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Counter-argument: “AI will democratize legal services”

Proponents argue that AI-driven platforms could significantly reduce legal

consultation costs. Ninety percent of participants in legal aid AI pilot programs

reported increased productivity. These are real gains. But democratization

requires quality. As the Yale Journal of Law and Technology warns, unreflective

AI deployment risks creating an “inequitable two-tiered system”: larger firms with

higher-quality AI extend more service to elite clients, while smaller firms and legal

aid organizations serving lower- and middle-income populations work with less

reliable tools and fewer resources to verify their outputs. Democratization without

AI literacy is not access to justice. It is access to the appearance of justice.
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C H A P T E R  S I X

The Insurance Question
The market verdict

I.

Markets price risk. When an industry undergoes a structural shift in its risk profile, the insurance

market registers the change before regulators act, before professional bodies issue guidance, and

well before the profession itself acknowledges the problem. The professional liability insurance

market for lawyers has been sending a clear signal since early 2025, and the signal is this: the

industry considers AI-related legal malpractice risk to be high and rising.

Between January 2025 and January 2026, professional liability insurers executed a structural shift

in how they treat AI in legal practice. The shift followed a recognizable three-stage pattern—and by

early 2026, the third stage had arrived with standardized policy language:

Silent coverage (pre-2025): AI was neither explicitly included nor excluded from professional

liability policies. Claims arising from AI-generated errors would be assessed under existing

malpractice frameworks. The insurer bore the ambiguity.

Explicit inquiry (2025): Insurers began asking about AI governance during the underwriting

process. Application forms added questions about AI tool deployment, verification protocols,

and staff training. The information asymmetry began to close.

Standardized exclusions (January 2026): In October 2025, Verisk—the advisory organization

whose ISO forms underwrite approximately eighty-two percent of U.S. property and casualty

policies—introduced three new endorsements for generative AI: CG 40 47 (excluding AI-related

claims from both bodily injury and personal/advertising injury coverage), CG 40 48 (excluding

personal/advertising injury only), and CG 35 08 (excluding products/completed operations).

These are optional endorsements, but Verisk reported “great interest from carriers” and

expected rapid adoption. The exclusion language defines generative AI broadly: “a machine-

1. 

2. 

3. 
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based learning system or model that is trained on data with the ability to create content or

responses, including but not limited to text, images, audio, video or code” (Verisk/ISO, 2025).

Named carriers have already moved beyond the general liability framework into professional lines.

Berkley introduced an absolute AI exclusion across its directors and officers, errors and omissions,

and fiduciary liability policies—eliminating coverage for claims “based upon, arising out of, or

attributable to” actual or alleged AI use, deployment, or development. Hamilton Insurance Group

adopted a parallel generative AI exclusion for professional liability, removing coverage for claims “in

any way involving” generative AI use by the insured (Zelle LLP, 2025). These are not tentative

exclusions. They are absolute.

The market is simultaneously developing affirmative coverage for firms that can demonstrate

governance. On February 26, 2026, Mosaic Insurance partnered with Munich Re to launch the first

dedicated AI performance insurance product, offering up to €15 million in coverage for financial

losses arising from AI underperformance or hallucination, using parametric-style automatic triggers

(Royal Gazette, 2026). The product’s existence confirms the insurance industry’s assessment: AI

error risk is real, quantifiable, and large enough to warrant its own product class.

The Lloyd’s Market Association published a formal report advising underwriters to assess AI

governance as a core underwriting factor for errors and omissions policies, identifying three

primary risk categories: direct AI errors and omissions, data protection breaches through cloud-

based AI platforms, and regulatory compliance failures (LMA, 2025). Embroker’s Legal Industry

Risk Index found that forty-five percent of legal professionals were upgrading their insurance

coverage in response to AI adoption, while forty-three percent cited over-reliance on AI as their top

professional liability concern (Embroker, 2025).

II.

The practical implications are severe. Model Rule 1.1 of the ABA’s Model Rules of Professional

Conduct requires that “a lawyer shall provide competent representation to a client. Competent

representation requires the legal knowledge, skill, thoroughness, and preparation reasonably

necessary for the representation.”

If a lawyer cannot demonstrate “reasonable care and due diligence” in their use of AI tools, an

insurer could argue that no professional service was provided—that the lawyer “simply chose to

blindly rely on third-party technology.” If a firm’s lawyers allow AI to make critical legal judgments

without attorney oversight, this could be characterized as the unauthorized practice of law—and
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professional liability policies typically exclude coverage for unauthorized practice (ALPS Insurance;

Kennedys Law, 2025).

The IBM 2024 Cost of a Data Breach Report puts the average cost for professional services firms

at $5.08 million. Feeding confidential client information into AI tools—an act that occurs every time

a lawyer pastes client-specific facts into a general-purpose AI system without enterprise-grade data

agreements—could constitute unauthorized disclosure under Model Rule 1.6. The malpractice and

data breach risks are not separate. They converge.

The duty of competence paradox in insurance terms: The insurer’s position

creates a formal version of the Competence Paradox. To maintain coverage, the

firm must demonstrate AI governance—documented training, verification protocols,

oversight structures. To implement effective AI governance, the firm needs

practitioners who understand AI well enough to design and follow those protocols.

The practitioners’ understanding of AI depends on having done sufficient manual

legal work to know what correct output looks like. The more the firm relies on AI,

the harder it is to maintain the competence that the insurer requires as a condition

of coverage.

III.

The confidentiality dimension deserves separate attention because it operates on a different axis

from the hallucination problem. Sixty-two percent of legal practitioners report struggling to explain

AI-generated outcomes in formal proceedings, according to the International Bar Association’s

“Digital Strangers in Litigation” report (IBA, 2025). This is not merely an advocacy problem. It is a

confidentiality problem, a transparency problem, and a competence problem simultaneously.

Public AI models—any system without enterprise-grade data isolation agreements—present a

straightforward confidentiality risk under Model Rule 1.6. Attorney-client privilege may be waived by

sharing privileged information with third-party AI systems. Cloud-based AI tools may store, process,

or train on client data. These are not theoretical risks. They are architectural features of how most

AI systems currently operate.
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The ABA’s Formal Opinion 512 addresses these obligations directly, requiring lawyers to “fully

consider their applicable ethical obligations” when using AI, including competence (Model Rule

1.1), confidentiality (Model Rule 1.6), communication (Model Rule 1.4), and reasonable fees

(Model Rule 1.5). The Opinion does not prohibit AI use. It requires that AI use be competent—a

requirement that loops back to the Competence Paradox.
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C H A P T E R  S E V E N

The Twin Ladder for Legal Practice
A framework for building AI-competent legal professionals

I.

Thirty Years Is Too Long: The Competence Paradox (IdeaJetLab, 2026) proposes the Twin Ladder:

a four-level framework for building AI competence within organizations. The framework is open—it

does not require any particular vendor, platform, or consultancy. It requires a commitment to

building AI-competent people, not just AI-powered processes. Applied to the legal profession, each

level addresses a specific layer of the problem this paper has documented.
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Level 0 — AI Literacy Foundation

The Article 4 compliance baseline

Every legal professional who interacts with AI systems must understand, at minimum:

what hallucination is and why it occurs; the documented failure rates of commercial legal

AI tools; the difference between incorrect responses and misgrounded responses; when

and how to verify AI output against primary sources; the confidentiality implications of

different AI architectures; and the regulatory obligations that apply to their specific role

and jurisdiction.

This is not a one-time training session. It is a maintained competency, updated as tools

change, as case law on AI-generated filings develops, and as regulatory requirements

evolve. For firms subject to Article 4, Level 0 is the documented compliance baseline. For

all firms, it is the floor below which malpractice risk becomes acute.

For legal practice: Level 0 means every lawyer in the firm can explain the

difference between an incorrect response and a misgrounded response, can

describe the hallucination rate of the tools they use, and can demonstrate a

verification protocol appropriate to their practice area.
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Level 1 — Professional Twin

AI as a development tool, not just a productivity tool

The Professional Twin concept, as described in the parent paper, involves mirroring

individual professional roles with AI agents for comparison and development. In legal

practice, this means using AI not merely to produce work product faster, but to build and

maintain the judgment required to evaluate that work product.

The key insight is the prediction-first interface. Before consulting an AI research tool,

the lawyer forms their own hypothesis: what do they expect the law to say? What cases

do they expect to find? What arguments do they expect will be strongest? The AI then

provides its analysis. The lawyer compares the AI’s output to their own prediction. Where

they diverge, the lawyer investigates why.

The prediction-first protocol has not been tested in a controlled legal practice study. It is

derived from the generation effect—a finding replicated across hundreds of studies in

learning science since 1978 (Bjork; Roediger & Karpicke, 2006)—which demonstrates

that generating an answer before receiving feedback produces dramatically better

retention than passive review. We propose it as a practical application of established

learning science principles, not as a proven legal training methodology. The profession’s

first responsibility is to test it—not to adopt it uncritically, which would repeat the very

pattern this paper criticizes.

That said, this is not slower than simply accepting the AI’s output. It is a different workflow

that serves a different purpose. The AI becomes a testing partner for the lawyer’s own

legal knowledge, rather than a replacement for it. Over time, the lawyer develops a

calibrated understanding of both the AI’s capabilities and their own blind spots.

For legal practice: Before running an AI legal research query, the lawyer writes

down their predicted answer. After reviewing the AI output, they document where

they agreed, where they disagreed, and what they learned from the comparison.

This creates a personal development record that also serves as a verification

artifact.
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Level 2 — Operational Twin

Practice-area competence mapping

In the parent framework, the Operational Twin involves digital replicas of business

functions. In legal practice, the closest equivalent is structured performance tracking at

the practice-group level: creating processes that make AI performance visible and

measurable. For a litigation team, this might mean tracking AI accuracy rates by query

type, by jurisdiction, by practice area—building an empirical understanding of where the

tools work well and where they fail. For a transactional team, it might mean systematic

comparison of AI-generated contract reviews against senior partner reviews, identifying

the specific types of risk that AI consistently misses.

This level transforms anecdotal impressions (“the AI seems pretty good at this”) into

empirical evidence. For example, tracking might reveal that the AI correctly identifies

indemnification risks eighty-nine percent of the time but misses change-of-control

provisions thirty-one percent of the time. It creates the institutional knowledge that

individual AI literacy cannot provide on its own.

For legal practice: Each practice group maintains a running accuracy log for AI-

assisted work. Quarterly reviews identify systematic failure patterns. Training is

updated to focus on the areas where AI performance is weakest and human

verification is most critical.
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Level 3 — Ecosystem Twin

Cross-functional and client-facing AI governance

For law firms and legal departments, Level 3 involves mapping AI deployment across the

entire practice—including the AI use of external counsel, vendors, and counterparties.

This addresses the transparency gap identified by the ACC: in-house teams gaining

visibility into how their outside counsel are using AI, and firms providing that transparency

proactively.

Level 3 also encompasses the profession’s role in the broader AI ecosystem: contributing

to the empirical evidence base (the “Lancet study for law” that does not yet exist),

participating in the development of professional standards, and helping to shape the

regulatory frameworks that will govern AI use in legal practice for decades to come.

For legal practice: The firm publishes an AI transparency statement to clients.

External counsel agreements include AI disclosure requirements. The firm

contributes anonymized accuracy data to profession-wide benchmarking efforts.

II.

The Twin Ladder is not a technology implementation plan. It is a competence development

framework. Its value for the legal profession lies in three structural features.

First, it is sequential. Each level builds on the one below. A firm cannot meaningfully implement

practice-area accuracy tracking (Level 2) without individual AI literacy (Level 0) and prediction-first

workflows (Level 1). The ladder is climbed, not skipped. This matters in a profession where the

temptation is to deploy first and train later.

Second, it preserves desirable difficulties. The prediction-first interface at Level 1 is a direct

application of Bjork’s research: it requires the lawyer to do the cognitive work of forming a legal

hypothesis before consulting the AI. This maintains the effortful engagement that builds durable

competence, even in an AI-augmented workflow. It transforms AI from a shortcut that bypasses

learning into a tool that accelerates it.
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Third, it creates documentation. At every level, the framework generates artifacts: training

records (Level 0), prediction-comparison logs (Level 1), accuracy databases (Level 2),

transparency statements (Level 3). These artifacts serve dual purposes. They provide evidence of

AI governance for regulators and insurers. And they provide the empirical foundation for

understanding how AI is actually performing in legal practice—the data that the profession currently

lacks.
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C H A P T E R  E I G H T

What Legal Professionals Can Do
Three steps for Monday morning

This paper has documented a problem that is structural, multi-jurisdictional, and accelerating. But

structural problems are not solved by structural analysis alone. They are solved by practitioners

who decide to act. The following three steps are designed to be specific enough to implement and

broad enough to apply across practice areas, firm sizes, and jurisdictions.

1

Establish Your Verification Baseline

Before the end of this month, determine the hallucination rate of the AI tools your firm or

department uses. Not the vendor’s claimed rate—the actual rate as experienced in your practice.

The method is straightforward: for one week, verify a meaningful random sample of AI-generated

legal research outputs against primary sources. If capacity permits, verify all outputs; if not, a

documented random sample of twenty to thirty percent provides actionable data. Calculate the

percentage of queries that produced incorrect responses, misgrounded responses, or missed

authorities. This is your verification baseline.

Document your methodology. The point is not to achieve statistical perfection. It is to replace

assumption with measurement. Most lawyers using AI tools cannot state, with any confidence, how

often those tools produce errors in their specific practice area and jurisdiction. That ignorance is

itself a professional risk.

What you will have: An empirical foundation for every subsequent decision about AI

deployment, training, and oversight in your practice. A document that demonstrates

© 2026 IdeaJetLab • alex@ideajetlab.com 42



reasonable diligence to regulators and insurers. And, very likely, a number that is

higher than you expected.

2

Implement the Prediction-First Protocol

Adopt a workflow in which every lawyer—not just juniors—forms their own hypothesis before

consulting an AI tool for substantive legal work. The protocol is simple: before running a research

query, write a brief note (even a sentence) stating what you expect the answer to be. After

reviewing the AI output, note where you agreed, where you disagreed, and what you learned.

This is not bureaucratic overhead. It is a calibration exercise that serves three functions

simultaneously. It maintains the cognitive engagement that builds and preserves legal judgment

(addressing the Competence Paradox directly). It creates a verification artifact that demonstrates

the lawyer did not “blindly rely on third-party technology” (addressing the insurance concern). And

it generates data about the AI tool’s performance in your practice area (building toward

organizational AI competence).

For supervising lawyers: require the prediction step from everyone on your team, including yourself.

The Competence Paradox does not spare senior practitioners. Bainbridge’s second irony targets

them specifically.

What you will have: A practice that actively builds legal judgment rather than

passively consuming AI output. A defensible record of professional engagement with

AI-generated work product. And an early-warning system for AI tool performance

degradation.

3

Document Your AI Governance for the Record

Prepare a written AI governance policy for your firm or department. The policy should address, at

minimum: which AI tools are approved for use with client matters; the verification requirements for
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different types of AI-assisted work; the confidentiality protocols for client data (which tools may

receive client information, under what agreements); the training requirements for all staff who

interact with AI systems; and the disclosure policy for AI-assisted work product delivered to clients

and courts.

If your firm is subject to Article 4 of the EU AI Act—and if you serve EU clients or advise on EU-

related matters, it very likely is—this policy is the beginning of your compliance documentation. If

your firm is subject to ABA Model Rules or their state equivalents, this policy demonstrates the

“thoroughness and preparation reasonably necessary for the representation” that Model Rule 1.1

requires. If your firm carries professional liability insurance, this policy is the artifact that may

determine whether AI-related claims fall inside or outside your coverage.

What you will have: A governance document that serves regulatory, ethical, and

insurance purposes simultaneously. A foundation for the systematic approach to AI

competence that your firm will need to develop as the technology, the case law, and

the regulatory environment continue to evolve.

Coda

The argument of this paper is not that AI tools should be resisted. It is that they should be used well

—which requires knowing what “well” means, and knowing how to tell when the tools are not

performing at the level the profession demands.

The legal profession has always prided itself on due diligence, on verification, on the principle that

assertions must be supported by evidence and that the evidence must be checked. These are not

merely professional norms. They are the intellectual habits that distinguish legal work from opinion.

AI tools that produce fabricated citations and erode the judgment required to catch them represent

a challenge to those habits that is unlike anything the profession has previously encountered.

The Competence Paradox is not a temporary disruption. It is a structural feature of any system in

which automated tools absorb the tasks through which human competence develops. The legal

profession is not exempt from this dynamic. If anything, the stakes are higher, the tolerance for
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error is lower, and the consequences of competence failure are more precisely defined than in

almost any other domain.

The tools will improve. The hallucination rates will decline. The regulatory frameworks will mature.

But the human capacity for legal judgment—the ability to read a case and understand not just what

it says but whether it matters, to review a contract and sense not just what it contains but what it is

missing, to advise a client and know not just the law but the practical landscape in which the law

operates—will only be maintained if the profession designs its AI adoption around competence

preservation, not just productivity acceleration.

The Twin Ladder offers a structure for that design. It is not the only structure possible. But the

conversation it represents—about what we are building when we build AI-competent legal

professionals, and what we are losing when we do not—is one the profession cannot afford to

defer.

The question is not whether lawyers will use AI. They already

do. The question is whether the profession will build the

competence to use it well—or whether it will discover, one

sanctions motion at a time, the cost of not having done so. 
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